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Abstract The effort estimation is an important task in the software development. Previous research works proposed models
using machine learning techniques such as regression analysis and so on. The previous works sometimes used open cross—
company datasets as training data because of the lack of sufficient number of samples. In such cases, the goodness of dataset
affects the result of models. We thus have to know the goodness of datasets for effort estimation model. In this paper, we pro-
pose a new evaluation measure using causal-effect relationships. The empirical experiment shows that our the new evaluation
measure could evaluate an accuracy of effort datasets.
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